55 XX 55 XX M woBe Mo ik Vol. XX No.XX
XXXX XX H Chinese Journal on Internet of Things XX XXXX

ETREMHEZMZRRIN I E FE AT 7SR SR

Wikk, B, BHF, TILA
CIERTHR LR S i+ TR 24P, JE5T 100876)

& F: (EHLLE (LEO, low earth orbit) M5 ARG, FHAf R HLBEH s 2 SR I B B LA SRS
W LU REEIN R, ERMEEMN T R R R A 2 W, 24 52 A (OFDM,  Orthogonal Frequency
Division Mul-tiplexing) [JHEZL T, $2&H—FEEFIREMZ M4 (DNN, deep neural networks) 515 18 M B 73 Bt
GG EEBERAMGEEM T EE, THIERAMHAN P LT M4 (NTN, non-terrestrial
networks) A FREE G AR S 0 P FEPE SARE It . 2BV B T T e B AR PR AT B, R AR
PREEM 2%, FEANEIIN A S50 S S E s T, B RS B3 A0UE T N 2 B G IR S i e . Kz s S
PR T A T S TR BN A B AU ZE 1% 50 T RIS 2 1 B 2 AT 0 AT EL . A LGS R, A A T 451
TS, RN ST, F— S TR R EE, RABRMEHENE, R FIA e
WZAZTE NG T30, RIS MO (E S i WG o, B S sm iz A

KRR (RPLVTEA,: R e, Fifhih: WEMEME, RS2 H

FE3HES: TN927.2

XRAARERD: A

doi: 10.11959/j.i1ssn.2096-3750.XXXX.

Deep neural network-based dynamic mapping strategy for low earth
orbit satellite channel estimation

LIU Yifei, CUI Gaofeng, PAN Mingyu, WANG Weidong

School of Electronic Engineering, Beijing University of Posts and Telecommunications, Beijing 100876, China

Abstract: In low-earth-orbit (LEO) satellite communication systems, addressing the poor performance of traditional chan-
nel estimation algorithms under dynamic delay variations and low signal-to-noise ratio (SNR) caused by high-speed
satellite-terrestrial motion, this paper proposes a deep neural network (DNN)-based channel estimation algorithm com-
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network-based channel estimation algorithms, it adapts better to larger delays and dynamic delay variations, showing su-
perior generalization capability.
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